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ABSTRACT

Different cumulative sum (CUSUM) control charts for the sample mean based on 
ranked set sampling (RSS) data and median ranked set sampling (MRSS) data are 
developed and compared to the usual CUSUM based on simple random sampling (SRS) 
data using computer simulation. All the charts based on ranked set sampling data are 
shown to have smaller average run length (ARL) than the classical CUSUM charts based 
on SRS if the process starts to get out of control, and have approximately the same ARL 
if the process is in control. Real data using the RSS and MRSS are used to illustrate the 
new developed methods and construct the corresponding control charts. These charts are 
compared to usual SRS chart, it turns out that the newly developed charts are more 
efficient i.e. having smaller ARL In this study we are assuming the underling distribution 
is normal. 
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1. INTRODUCTION

McIntyre (1952) was first to suggest using ranked set sampling (RSS) to estimate the 
population mean instead of the usual simple random sampling (SRS). Takahasi and 
Wakimoto (1968) supplied the necessary mathematical theory. Dell and Clutter (1972) 
studied the case in which the ranking may not be perfect i.e. there are errors in ranking 
the unit with respect to the variable of interest. 

The Shewhart control charts (see for example Montgomery, (2005)) use only the 
information about the last point in the process. The cumulative-sum (CUSUM) control 
charts were proposed to overcome this problem (see for example Hawkins and Olwell
(1998)). 

Muttlak and Al-Sabah (2003) developed different quality control charts using the RSS 
and some of its modifications and compared them to the usual control charts based on 
simple random sampling (SRS) data. 
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This study is concerned with the idea of developing CUSUM control charts using 
ranked set sampling (RSS) and median ranked set sampling (MRSS). These newly 
developed control charts are compared using computer simulation to the usual CUSUM 
control charts based on the simple random sampling (SRS) method and shown to be more 
efficient. Real data sets are collected and used to illustrate the computations of the newly 
developed control charts. 

2. DEFINITIONS AND SOME USEFUL RESULTS

Let �� ��:i n jX denote the ��i th order statistic from the ��i th sample of size n in the 

��j th cycle. Then the unbiased estimator of the population mean, see Takahasi and 

Wakimoto (1968) using RSS data based on the ��j th cycle is defined as
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Assume that (X, Y) has a bivariate normal distribution and the regression of X on Y is 
linear. Then following Stokes (1977) we can write 
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X Y (2.3)

where Y and �Hare independent and �Hhas mean 0 and variance �� ��2 21�V �� �Ux , �U is the 

correlation between X and Y and , , ,�P �P �V �Vx y x y are the means and standard deviations 

of the variables X and Y. 

Let �� ��:i n jY and �� ��:i n jX be the ��i th smallest value of Y and the corresponding value 

of X obtained from the ��i th set in the ��j th cycle respectively. We can write the above 

equation 

�> �@ �� ���� ��::

�U�V
� �P �� �� �P �� �H

�V
x

x y iji n ji n j
y

X Y , i = 1, 2,…, n, j =1, 2,…, r. (2.4)

The unbiased estimator of the mean of the variable of interest X with ranking based 
on the concomitant variable Y, i.e. using imperfect ranked set sampling IRSS method (see 
Stokes (1977)), can be written for the ��j th cycle as
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The variance of Xirss j is given by 
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Let �� ��:i m jX denotes the ��i th median of the ��i th set of size n in the ��j th cycle 

if the set size is odd. Also denote the (n/2)-th order statistic of the ��i th set of size 
n (i = 1, 2, ..., L= n/2) and the ((n+2)/2)-th order statistic of the ��i th set of size 
n (i = L+1, L+2, ..., n) if the set size is even. The estimator of the population mean (see 
Muttlak (1997)) using MRSS data in the ��j th cycle can then be written as
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The variance of Xmrssj is given by 
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3. CUMULATIVE SUM (CUSUM) STATISTICAL CONTROL CARTS

3.1 Cumulative sum (CUSUM) control chart using SRS
Let ijX for i = 1, 2, ..., n and j = 1, 2, ..., r denote the ��i th unit in the ��j th simple 

random sample of size n and �� ��2,�P �V��ijX N . The sample mean of the ��j th sample is 

1

1
X

� 
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n
srs j ij

i
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n
. If the population mean µ is known to be 0�P , the CUSUM control chart 

for the population mean 0�P , is given by

�� ��0 1max 0, X�� ��
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where the starting values are 0 0 0�� ��� � srs srsC C .
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In (3.1) and (3.2) k is called the reference value and usually chosen about half way 
between the target value 0�P and the out of control value µ1. If the �V�K�L�I�W���/���L�V���H�[�S�U�H�V�V�H�G���L�Q��

standard deviation units as 1 0�G � �P �� �P �Vn , then k is one half of the shift or

1 0

2 2

�P �� �P�G
� �V � k n (3.3)

Note that if ��
srsjC or ��

srsjC exceed the decision interval h, the process is considered to 

be out of control. The selection of k and h is every important, as it has great effect on 
performance of the CUSUM, for more details see Hawkins and Olwell (1998).

We have given the development of the CUSUM for the case of group of size n 
observations, it is easy to consider the case of an individual observation (n = 1), by 

replacing Xsrsj by srsjX and �V n by �V in (3.1 – 3.3).

3.2 Cumulative sum (CUSUM) control chart using RSS
Let ijX for i = 1, 2, ..., n and j = 1, 2, ..., r denote the ��i th unit in the ��j th simple 

random sample of size n and �� ��2,�P �V��ijX N . Let �� ��:i n jX denote the ��i th order statistic 

from the ��i th sample of size n in the ��j th cycle. The RSS mean Xrssj of the ��j th
cycle will be used to construct the CUSUM for the RSS data if the ranking is perfect. i.e. 
without errors in ranking. Assuming that the population mean µ is known to be 0�P , the 

CUSUM control chart for the population mean 0�P using RSS data is proposed to be
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Note that if ��
rssjC or ��

rssjC exceed the decision interval h, the process is considered to 

be out of control. The selection of k and h is every important, as it has great effect on 
performance of the CUSUM, see Hawkins and Olwell (1998) for more details.

Ranking the variable of interest without errors in ranking the units is called perfect 
ranking. But if the units cannot be ranked perfectly or the ranking is done on a 
concomitant variable we call that imperfect ranking, see previous section. Since the 
perfect ranking and SRS are special cases of the imperfect ranking with 1�U � and 0�U � 
respectively, we will consider the case of imperfect ranked set sampling (IRSS) with 
different values of �U. Following the same procedure that we used in the previous section, 

we only need (2.6) to construct our CUSUM chart, which can be written as 
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where 2�Vx is the variance of the variable of interest X and 2
( : )�Vz i n is the variance of the 

��i th order statistic in a sample of size n from the standard normal distribution.

The CUSUM control chart given in (3.4) and (3.5) is based on the perfect RSS, we 
need to modify it to the case of imperfect ranking by substituting for the variance of 

Xirssj given in (3.7) to get 
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We use the average run length (ARL) to compare the RSS CUSUM control charts to 
the usual CUSUM control charts based on SRS data. The ARL assumes that the process 
is in control with mean 0�P and standard deviation 0�V , and at some point in time the 

process may start to get out of control i.e. the mean is shifted from 0�P to 

0 0 /�P �� �G�V � �Pn . We are assuming that the process is following the normal distribution 

with mean 0�P and variance 2
0�V if the process is in control, and the shift on the process 

mean is 0 0�G � �P �� �P �Vn . If 0�G � the process is in control and in this case if the point 

is outside the control limits it is a false alarm.

3.3 Cumulative sum (CUSUM) control chart using MRSS
Let �� ��:i m jX denote the ��i th median of the ��i th set of size n in the ��j th cycle if 

the set size is odd or even. The MRSS mean Xmrssj of the ��j th cycle defined in the 

previous will be used to construct the CUSUM for the MRSS data if the ranking is 
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perfect. With the assumption that the population mean µ is known to be 0�P , the CUSUM 

control chart for the population mean µ0 using MRSS data is proposed to be

�� ��0 1max 0, X�� ��
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The value of k will be chosen in the same way that we used in previous section to be
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If ��
mrssjC or ��

rssjC exceed the decision interval h, the process is considered to be out of 

control.

As the case for RSS we will consider the case of imperfect median ranked set 
sampling (IMRSS) with different values of �!. Equation (3.7) can be written as
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where 2�Vx is the variance of the variable of interest X and 2
( : )�Vz i m is the variance of the 

��i th median in a sample of size n from the standard normal distribution.

The CUSUM control chart given in (3.9) and (3.10) can be modified for the case of 

imperfect ranking by substituting for the variance of Ximrssj given in (3.12) to get
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4. COMPUTER SIMULATION 

We used computer simulation to compare the CUSUM using the usual simple random 
sampling (SRS) data to the newly developed CUSUM control charts using RSS and 
MRSS data. In these comparisons we will use the average run length to compare the 
newly developed CUSUM with the usual CUSUM using SRS data. 
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4.1 Computer simulation for CUSUM using RSS
To be able to compare the values of the average run length (ARL) using RSS with 

existing ARL using SRS, we used in our simulation the same values of ,�G k and h that 
were used by Hawkins and Olwell (1998), we simulate 400,000 replications. We 
calculate the values of the limits in (12) and (13) using the results of the order statistics 
for the standard normal distribution, see for example Harter and Balakrishnan (1996). 

The computer simulations are run for k = 0.00 and 0.5; h = 1.00, 1.25, 1.50, 1.75, 
������������ �!�� � �� ������������ ������������ ������������ ������������ ������������ ������������n � �� ���� �D�Q�G�� �I�R�U�� �/�� � �� ���������� �������������� ������������ ��������������
0.50, 0.75, 1.00, 1.50, 3.00. We only reported in this paper the case of n = 3 simply 
because increasing the set size will not decrease the ARL. Results are shown in Tables 1 
and 2. Note that when �!��� �� �����W�K�H���F�R�U�U�H�V�S�R�Q�G�L�Q�J���Y�D�O�X�H�V���R�I�� �$�5�/���D�U�H���H�T�X�D�O���W�R���W�K�H���6�5�6�����L���H����
the usual ARL using simple random sampling data. 

Considering the results in Tables 1 and 2 the following conclusions can be made:
1. If the process is in control i.e. �G= 0, RSS and SRS have approximately the same 

ARL. But if the process starts to get out of control i.e. �G> 0, RSS reduces the 
ARL substantially, for example if �G= 0.5, k = 0.5, h = 1.5 and 1�U � the ARL is 
only 5.2 as compared to 7.1 for the SRS.

2. Errors in ranking i.e. imperfect ranking will decrease the efficiency and the ARL 
will be larger. This increasing in ARL will depend on the correlation between the 
variable of interest and the concomitant variable that we use to estimate the rank 
of the variable of interest.

3. If the value of k increases, the reduction in the ARL values using RSS will be 
larger than SRS. For example if 1�U � , k =0.0, �G= 0.5, and h = 1.5 the ARL is 
2.89 for RSS as compared to 3.50 for SRS i.e. with 18% reduction in the ARL. 
But if k = 0.5 and everything else is the same the ARL is 5.2 for RSS as compared 
to 7.10 for SRS, i.e. with 37% reduction in the ARL. 

4. If the h values increase, the reduction in the ARL values using RSS will be 
substantial. For example if 1�U � , k = 0.5, �G= 0.5, and h = 1 the ARL is 3.69 for 
RSS as compared to 4.74 for SRS i.e. with 28% reduction in the ARL. But if h = 3 
and everything else remain the same the ARL is 10.89 for RSS as compare to 
17.30 for SRS, i.e. with 59% reduction in the ARL. 

4.2 Computer simulation for CUSUM using MRSS
We use the average run length (ARL) to compare the MRSS CUSUM control charts 

to the CUSUM control charts based on RSS and SRS data. The ARL assumes that the 
process is in control with mean µ0 and standard deviation 0�V and at some point in time 
the process may start to get out of control. We are assuming that the process is following 

the normal distribution with mean µ0 and variance 2
0�V if the process is in control, and the 

shift on the process mean is 0 0�G � �P �� �P �Vn .

Simulation was used to compare the values of ARL using MRSS with the ARL using 
RSS and SRS. We calculate the values of the limits in (3.9) and (3.11) using the results of 
the order statistics for the standard normal distribution, see for example Harter and 
Balakrishnan (1998). 
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The computer simulations are run for the same values of �/, k, h, �U, n and number of 
replications used in the previous section. Once again we are only reporting the cases of 
k = 0.0 and k = 0.5 with n = 3. Results are shown in Tables 3 and 4. Considering the 
results in Tables 3 and 4 the following conclusions can be made:

1. If the process in control i.e. �G= 0, MRSS, RSS and SRS have approximately the 
same ARL. But if the process starts to get out of control i.e. �G> 0, MRSS is 
reduces the ARL substantially, for example if �G= 0.5, k = 0.5, h = 1.5 and 1�U � 
the ARL is 4.81 as compared to 5.2 and 7.1 for RSS and SRS respectively.

2. As in the case of RSS the errors in ranking i.e. imperfect ranking will decrease the 
efficiency and the ARL will be larger for using MRSS. This increase in ARL will 
depend on the correlation between the variable of interest and the concomitant 
variable that we use to estimate the rank of the variable of interest.

3. If the value of k increases, the reduction in the ARL values using MRSS will be 
larger than RSS. For example if 1�U � , k = 0.0, �G= 0.5, and h = 1.5 the ARL is for 
MRSS 2.74 as compared to 3.5 for SRS i.e. with 28% reduction in the ARL. But if 
k = 0.5 and every thing else is the same the ARL is 4.81 for MRSS as compared to 
7.07 for SRS, i.e. with 47% reduction in the ARL. 

4. If the h values increase, the reduction in the ARL values using MRSS will be 
larger than RSS. For example if 1�U � , k = 0.5, �G= 0.5, and h = 1 the ARL is 3.45 

for MRSS as compared to 4.74 for SRS i.e. with 37% reduction in the ARL. But if 
h = 3 and every thing else remain the same the ARL is 9.74 for MRSS as 
compared to 17.31 for SRS, i.e. with 78% reduction in the ARL. 

5. EXAMPLE

In this example we use the sets of data from Muttlak and Al-Sabah (2003) collected 
from a “soft drink bottle-filling” production line of the Pepsi Cola production company in 
Al-Khobar, Saudi Arabia. The data were collected by measuring the unfilled part of the 
bottle using RSS and MRSS sampling techniques with perfect ranking for sample sizes 
n = 3. There are 55 random samples of set size n = 3 where collected using RSS and MRSS.

To construct CUSUM control charts for the RSS and MRSS data collected in this 
study, we first check the normality assumption for the population of interest using the 
data collected in this study it seem that this assumption is reasonable. As for the values of 
mean and standard deviation for each chart, we used the number or replications (cycle) 
which are 55 cycles (samples) of size 3 each to come up with the over all means and the 
standard deviations for RSS and MRSS data. 

To compare our newly suggested CUSUM control charts to the classic charts based 
on SRS, we used a data set collected using SRS from 55 samples of size n = 3 each, the 
control chart is shown in Figure 1. As for the RSS and MRSS methods we replicated the 
cycle 55 times, the set (sample) size n = 3 for each cycle, Figures 2 and 3 represent 
control charts for RSS and MRSS respectively. 

6. CONCLUSIONS AND RECOMMENDATIONS 

Ranked set sampling has been demonstrated to be an efficient sampling method. The 
RSS method proved to be more efficient when units are difficult and costly to measure, 
but are easy and cheap to rank with respect to a variable of interest without actual 
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measurement. In this study we used the RSS and MRSS to develop several CUSUM 
quality control charts for the variables of interest using the sample mean. These charts are 
compared with the classical control charts using simple random sampling data. It is clear 
that all the newly developed charts are more efficient than the classical control chart, but 
some of them are better than others. The following are some specific conclusions.

1. All newly developed control charts dominate the classical charts. If the process 
starts to get out of control most of these new charts reduced the average run 
length (ARL) substantially. 

2. Errors in ranking will reduce the ARL for all the cases considered. The amount 
of reduction in the ARL will depend on the amount of errors committed in 
ranking the units of the variable of interest. For example if we are using a 
concomitant variable to rank our variable, then the ARL will depend on the 
correlation between the two variables.

3. To over-come the problem of errors in ranking and/or to increase the 
efficiency of estimating the population mean, we suggest using MRSS instead 
of RSS. We can see that both methods will reduce the errors in ranking and are 
easy to be used in real life. The MRSS dominates all other methods in terms of 
reducing the ARL if the process starts to get out of control.

Finally we recommend using MRSS with odd sample size to build the CUSUM 
quality control charts. Since they reduce the ARL compared to RSS and SRS method, 
and they are easily implemented in the field of study, i.e. we can find the smallest and 
the largest in a set of five units much easier than rank all five units in the set.
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Table 1:
The ARL values when n = 3 & k = 0 with different values for �!�����5& h

using RSS CUSUM

�! �5
h

0.00 0.125 0.250 0.375 0.50 0.75 1.00 1.50 3.00

0.00

1.00 4.75 4.00 3.43 2.98 2.64 2.12 1.78 1.38 1.02

1.25 5.83 4.85 4.06 3.51 3.05 2.42 2.00 1.51 1.04

1.50 7.09 5.73 4.76 4.06 3.50 2.73 2.24 1.65 1.07

1.75 8.48 6.78 5.53 4.65 3.98 3.05 2.48 1.82 1.11

3.00 17.34 12.64 9.66 7.77 6.40 4.72 3.74 2.68 1.52

0.25

1.00 4.74 4.00 3.44 2.96 2.61 2.10 1.76 1.36 1.02

1.25 5.85 4.82 4.06 3.47 3.02 2.39 1.97 1.49 1.04

1.50 7.08 5.73 4.75 4.03 3.48 2.71 2.22 1.63 1.06

1.75 8.48 6.74 5.49 4.61 3.93 3.03 2.46 1.80 1.10

3.00 17.38 12.61 9.58 7.69 6.35 4.67 3.71 2.65 1.49

0.50

1.00 4.76 3.97 3.37 2.90 2.57 2.05 1.71 1.33 1.01

1.25 5.85 4.76 4.00 3.39 2.96 2.32 1.92 1.44 1.03

1.50 7.07 5.69 4.68 3.93 3.38 2.62 2.14 1.58 1.04

1.75 8.49 6.66 5.40 4.48 3.82 2.92 2.37 1.73 1.07

3.00 17.36 12.35 9.41 7.42 6.13 4.51 3.55 2.55 1.43

0.75

1.00 4.75 3.92 3.27 2.80 2.44 1.93 1.61 1.26 1.01

1.25 5.84 4.69 3.87 3.26 2.81 2.17 1.79 1.36 1.01

1.50 7.11 5.55 4.52 3.75 3.19 2.45 1.99 1.48 1.02

1.75 8.49 6.51 5.19 4.27 3.62 2.73 2.21 1.61 1.04

3.00 17.36 12.04 8.92 7.00 5.72 4.18 3.30 2.36 1.31

0.90

1.00 4.76 3.82 3.17 2.68 2.33 1.83 1.52 1.20 1.00

1.25 5.84 4.61 3.75 3.12 2.66 2.07 1.69 1.28 1.00

1.50 7.09 5.46 4.36 3.58 3.03 2.30 1.86 1.38 1.01

1.75 8.50 6.40 5.02 4.08 3.40 2.57 2.07 1.50 1.02

3.00 17.36 11.66 8.51 6.60 5.35 3.89 3.06 2.19 1.20

1.00

1.00 4.76 3.78 3.08 2.59 2.22 1.74 1.45 1.15 1.00

1.25 5.85 4.53 3.63 3.00 2.54 1.95 1.59 1.22 1.00

1.50 7.10 5.35 4.19 3.44 2.89 2.18 1.76 1.31 1.00

1.75 8.50 6.23 4.82 3.88 3.23 2.41 1.94 1.41 1.01

3.00 17.36 11.38 8.16 6.24 5.04 3.62 2.86 2.06 1.12
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Table 2:
The ARL values when n = 3 & k = 0.5 with different values for �!�����5& h

using RSS CUSUM

�! �5
h

0.00 0.125 0.25 0.375 0.50 0.75 1.00 1.50 3.00

0.00

1.00 11.19 8.80 7.01 5.74 4.74 3.43 2.65 1.78 1.07

1.25 15.41 11.63 9.08 7.19 5.84 4.09 3.06 2.00 1.11

1.50 21.04 15.39 11.57 8.92 7.10 4.77 3.50 2.24 1.16

1.75 28.56 20.07 14.63 10.93 8.49 5.53 3.97 2.48 1.24

3.00 117.89 65.92 39.36 25.29 17.30 9.67 6.41 3.75 1.78

0.25

1.00 11.23 8.84 7.04 5.68 4.69 3.38 2.60 1.75 1.06

1.25 15.39 11.63 9.06 7.09 5.79 4.01 3.01 1.97 1.10

1.50 21.07 15.35 11.49 8.83 6.99 4.70 3.44 2.20 1.16

1.75 28.56 19.91 14.43 10.84 8.37 5.45 3.90 2.44 1.22

3.00 117.47 65.30 38.86 24.78 16.96 9.47 6.28 3.67 1.75

0.50

1.00 11.25 8.67 6.83 5.50 4.54 3.25 2.48 1.68 1.05

1.25 15.44 11.55 8.79 6.89 5.56 3.83 2.86 1.87 1.07

1.50 21.07 15.17 11.16 8.55 6.68 4.47 3.26 2.09 1.12

1.75 28.68 19.65 14.01 10.43 7.97 5.15 3.69 2.32 1.18

3.00 117.44 63.66 37.18 23.41 15.84 8.82 5.87 3.47 1.66

0.75

1.00 11.22 8.50 6.58 5.20 4.22 2.98 2.26 1.54 1.02

1.25 15.42 11.19 8.41 6.45 5.11 3.49 2.59 1.71 1.04

1.50 21.07 14.67 10.56 7.87 6.14 4.04 2.95 1.89 1.07

1.75 28.62 19.01 13.15 9.60 7.26 4.61 3.32 2.09 1.10

3.00 117.34 60.11 33.71 20.74 13.88 7.71 5.17 3.10 1.51

0.90

1.00 11.21 8.24 6.30 4.89 3.93 2.75 2.07 1.42 1.01

1.25 15.43 10.93 7.97 6.03 4.75 3.19 2.37 1.57 1.02

1.50 21.09 14.25 10.06 7.37 5.63 3.68 2.67 1.73 1.03

1.75 28.69 18.40 12.41 8.87 6.61 4.19 2.98 1.91 1.06

3.00 117.31 56.58 30.74 18.43 12.26 6.81 4.60 2.80 1.38

1.00

1.00 11.24 8.08 6.03 4.63 3.69 2.54 1.92 1.33 1.00

1.25 15.45 10.67 7.62 5.68 4.41 2.94 2.17 1.46 1.01

1.50 21.12 13.77 9.51 6.90 5.20 3.36 2.44 1.60 1.02

1.75 28.66 17.73 11.69 8.18 6.06 3.80 2.73 1.75 1.03

3.00 116.93 53.80 27.88 16.52 10.89 6.08 4.16 2.57 1.26
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Table 3: 
The ARL values when n = 3 & k = 0.0 with different values for �!�����5& h

using MRSS CUSUM

�! �5
h

0.00 0.125 0.25 0.375 0.50 0.75 1.00 1.50 3.00

0.00

1.00 4.75 4.01 3.43 2.98 2.63 2.12 1.77 1.38 1.02

1.25 5.83 4.83 4.07 3.51 3.05 2.42 2.00 1.51 1.04

1.50 7.11 5.78 4.79 4.07 3.51 2.73 2.24 1.65 1.07

1.75 8.47 6.78 5.53 4.66 3.98 3.06 2.48 1.82 1.11

3.00 17.38 12.70 9.67 7.75 6.38 4.73 3.74 2.67 1.52

0.25

1.00 4.74 4.01 3.40 2.96 2.60 2.10 1.76 1.36 1.02

1.25 5.82 4.83 4.03 3.47 3.03 2.39 1.98 1.49 1.04

1.50 7.08 5.71 4.77 4.01 3.46 2.70 2.21 1.64 1.06

1.75 8.47 6.74 5.50 4.59 3.93 3.02 2.45 1.79 1.10

3.00 17.34 12.57 9.62 7.69 6.33 4.66 3.69 2.64 1.49

0.50

1.00 4.75 3.95 3.35 2.90 2.53 2.04 1.70 1.31 1.01

1.25 5.84 4.78 3.97 3.38 2.94 2.30 1.90 1.43 1.02

1.50 7.07 5.67 4.66 3.91 3.36 2.59 2.11 1.57 1.04

1.75 8.47 6.65 5.39 4.47 3.80 2.91 2.35 1.71 1.07

3.00 17.34 12.34 9.34 7.38 6.06 4.45 3.53 2.52 1.42

0.75

1.00 4.75 3.88 3.24 2.77 2.39 1.90 1.58 1.24 1.00

1.25 5.84 4.67 3.83 3.21 2.76 2.14 1.75 1.33 1.01

1.50 7.10 4.67 3.83 3.21 2.76 2.14 1.75 1.33 1.01

1.75 8.49 6.47 5.13 4.21 3.55 2.68 2.16 1.58 1.03

3.00 17.35 11.92 8.79 6.88 5.60 4.07 3.22 2.30 1.27

0.90

1.00 4.76 3.79 3.11 2.61 2.26 1.77 1.48 1.17 1.00

1.25 5.84 4.57 3.67 3.05 2.58 1.99 1.63 1.24 1.00

1.50 7.07 5.41 4.27 3.50 2.94 2.22 1.80 1.34 1.01

1.75 8.48 6.29 4.90 3.96 3.31 2.47 1.98 1.45 1.01

3.00 17.39 11.46 8.27 6.36 5.14 3.73 2.93 2.11 1.15

1.00

1.00 4.75 3.70 2.99 2.48 2.13 1.66 1.38 1.11 1.00

1.25 5.84 4.42 3.51 2.88 2.41 1.85 1.51 1.17 1.00

1.50 7.10 5.26 4.06 3.28 2.74 2.06 1.66 1.25 1.00

1.75 8.47 6.09 4.65 3.71 3.07 2.28 1.82 1.34 1.00

3.00 17.35 11.02 7.77 5.91 4.76 3.42 2.69 1.93 1.07
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Table 4:
The ARL values when n = 3 & k = 0.5 with different values for �!�����5& h

Using MRSS CUSUM

�! �5
h

0.00 0.125 0.25 0.375 0.50 0.75 1.00 1.50 3.00

0.00

1.00 11.20 8.78 7.02 5.71 4.74 3.44 2.63 1.78 1.07

1.25 15.41 11.74 9.09 7.17 5.85 4.08 3.05 2.00 1.11

1.50 21.10 15.39 11.59 8.97 7.07 4.77 3.50 2.23 1.16

1.75 28.55 19.99 14.58 10.92 8.48 5.53 3.97 2.48 1.24

3.00 117.81 65.74 39.46 25.35 17.31 9.68 6.41 3.75 1.77

0.25

1.00 11.23 8.85 6.97 5.69 4.68 3.37 2.58 1.75 1.06

1.25 15.41 11.66 8.98 7.13 5.78 4.00 2.99 1.96 1.10

1.50 21.08 15.30 11.46 8.83 6.96 4.68 3.44 2.20 1.15

1.75 28.61 20.02 14.42 10.85 8.33 5.44 3.88 2.44 1.22

3.00 117.47 65.26 38.80 24.73 16.94 9.46 6.25 3.67 1.74

0.50

1.00 11.24 8.69 6.82 5.48 4.50 3.21 2.45 1.66 1.04

1.25 15.42 11.51 8.73 6.83 5.51 3.79 2.81 1.85 1.07

1.50 21.08 15.01 11.10 8.45 6.62 4.41 3.23 2.07 1.11

1.75 28.62 19.63 13.95 10.30 7.90 5.10 3.64 2.29 1.17

3.00 117.47 63.36 36.66 23.02 15.60 8.67 5.79 3.42 1.65

0.75

1.00 11.22 8.36 6.50 5.09 4.12 2.90 2.20 1.50 1.02

1.25 15.41 11.07 8.25 6.32 4.99 3.38 2.51 1.66 1.03

1.50 21.05 14.59 10.40 7.73 5.98 3.93 2.85 1.83 1.05

1.75 28.61 18.83 12.94 9.35 7.04 4.48 3.20 2.03 1.09

3.00 117.44 58.92 32.72 19.90 13.35 7.40 4.97 3.01 1.47

0.90

1.00 11.21 8.12 6.09 4.71 3.77 2.62 1.98 1.37 1.01

1.25 15.41 10.66 7.74 5.82 4.53 3.03 2.24 1.50 1.01

1.50 21.06 14.03 9.70 7.05 5.35 3.47 2.52 1.64 1.02

1.75 28.64 17.98 11.96 8.39 6.21 3.95 2.82 1.80 1.04

3.00 117.59 54.76 28.83 17.13 11.33 6.33 4.31 2.65 1.30

1.00

1.00 11.22 7.86 5.77 4.36 3.45 2.37 1.79 1.26 1.00

1.25 15.43 10.30 7.22 5.33 4.09 2.72 2.01 1.36 1.00

1.50 21.07 13.41 9.00 6.40 4.81 3.08 2.25 1.48 1.01

1.75 28.62 17.15 11.00 7.60 5.56 3.49 2.50 1.62 1.01

3.00 117.30 50.67 25.48 14.89 9.74 5.48 3.77 2.37 1.16
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Figure 1: CUSUM Control Chart using SRS with n = 3.
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Figure 2. CUSUM Control Chart using RSS with n = 3.
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Figure 3: CUSUM Control Chart using MRSS with n = 3.


